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CIIRAET

3¢ Requirements Editor
File Edit Display Analysis Report Help
BOE RBEE R eEa Ee
View: [Requirements -/ [ 1]
Index 1D Summary
v [5 HighwayLaneFollowingTestRequirements
B1 #1  scenario_LFACC_01_Curve_DecelTarget
B2 #2 scenario_LFACC_02_Curve_AutoRetarget
;- 3 (@3  scenario_LFACC_03_Curve_StopnGo
#4 scenario_LFACC_04_Curve_CutInOut

W 5 #6 scenario_LFACC_06_Straight_StopandGoLeadC
@6 #5 scenario_LFACC_05_Curve_CutInOut_TooClose
@7 #8 scenario_LF_01_Straight_RightLane
B8 #9 scenario_LF_02_Straight_LeftLane
@9 #10 scenario_LF_03_Curve_LeftLane

@ 10 #11 scenario_LF_04_Curve_RightLane

~ Properties

Type: |Functional  ~
Index: 3
Custom ID: [#3

Summary: |scenario_LFACC_03_Curve_StopnGo

Test Description

Stop and Go in Curved highway

Host Car

[HW = 50m

set = 14m/s

linitial velocity = 14 nv's

Lead Car

initial velocity = 14 m/s

Lead car slows down to

10s, then speed up to 13
im/s.

8m/s and stay constant for

Third Car

2 slow moving cars at

8 m/s in 3™ lane

2 fast Moving cars at
15 m/s in the 1¥ lane
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4\ Test Manager = a X
o —_ \N— s N~ s N E [
o Lt @ = - AN " E l—’f:l/) 11 D &:‘
e - B P> AOMmM =B = gme & @
New Open Save | @ Y Deiete TestSpec | Run Runwith Siop Parallel | Report Visualize Highioht o popor  Preferences  Help \_ /_
sttt U R Bt (Lol B e 2 - \\/ /\
FLE £0IT RUN RESULTS f Z
#3 HighwayLaneFollowingTestBench - Simulink - o b d
I Resuits and Artifacts (=) scenario_LFACC_04_Curve_Cutin. %
SIMULATION -
[Fitter tests by name or tags, e.q. tags- test f
E scenario_LFACC_03_Cu| /y, &0~ us Stop Time [ scenario's 0 [
T HighwayLaneFollowinghetricAssessments 2 2 LS op S B N e @ @ I 2 %)
~ 3 Test Scenarios HighwayLaneFollowingMetricAssessments »| New &2 * | Library gl Norma! T Step  Run Step 3 Data b
(8] scenario_LFACC_01_Curve_DecelTarget ———— v @& v Browser @ Fast Restart Back v - Forward Inspector
[El scenario_LFACC_02_Curve_AutoRetarget . i | ALE LIBRARY PREPARE SIMULATE REVIEW RESULTS ry -
Blasal. - v o e s B —_—_—— : utomate lesting for
[E scenario_LFACC_04_Curve_CutinOut Create Test Case from External File ® |[%a) HighwaytanefolloningTestBench b - g
[8] scenario_LFACC_05_Curve_CutinOut_TooClose » TAGS =
[E) scenario_LFACC_06_Straight_StopandGol eadCar Q g . .
s » DESCRIPTION
ighway Lane Following
[8) scenario_LF_02_Straight_LeftLane v REQUIREMENTS® =
[E scenario_LF_03_Curve_LeftLane io_LFACC_03_C StopnGo (i . . TM
(8] scenario_LF_04_Curve_RightLane =} ut0| I Iate rIVI n g OO OX
SYSTEM UNDER TEST* m
: Model Predictive Control Toolbox™
Modet | HighwayLaneFollowingTestBer
» TEST HARNESS . .
Simulink Test™
» PARAMETER OVERRIDES
- Simulink Requirements™
Name [E) scenario_LFACC_03_Curve_Stopi —RPUTS {
T SErion e |e= Copyrignt 2019 The Mamiocks, .
Model HighwayLaneFollowingTestBench » SIMULATION OUTPUTS | i - - TM
| Read 63% ode23tb m
Simulation Mode [Mode} Settings] » CONFIGURATION SETTINGS OVERRIDES™ SI u I I n k Cove rag e
Location D:userpathiwork\Examples\R2020.
e = » ITERATIONS ?
Hierarchy H-gnwayLaneFalmmgMechsses » LOGICAL AND TEMPORAL ASSESSMENTS ?2 |
Tags e comma or apace scpaceled (ags » CUSTOM CRITERIA ? i
» COVERAGE SETTINGS gl =
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CIIRAET

& Cu a8 = p
5 3 - 4 | i a “Il ld . & &, Import o = :
¢ TestSpsc | Run unvit Sicp Paralel | Report Visualze  Highiant - export | Preference ol 2 —tR/sB8D0|ANML 88 8|2
- @ »a enper in Model
FILE RUN RESULTS ENVIRONME
|:] scenario_LFACC_03_Curve_Sto... x [f\ Start 7]
[Fitter resutts by name or tags, e.g. tags: test B|¥ | ~summary “
5 status
~ Results: 2020-Mar-23 17:47:02 100 i
& Out
~ 51 HighwayLaneFollowingMetricAssessments 10 @ = m:e Dedp ey
= tart Time
+ [ Test Scenarios e End Time
» [£] scenario_LFACC_01_Curve_DecelTa @ Type
» (&) scenario_LFACC_02_Curve_AutoRet © Test File Location
Test finiti
~ [5] scenario_LFACC_03_Curve_StopnGc & o o s
» & Vertty Statements o ?Em" Jo e P T
ags
b -
~ P Sim Output (HighwayLaneFollowing > Simulation Metadaia o l
relative_distance PR— .
~ TEST REQUIREMENTS
relative_velocity JR—
mio — mmmuwm(msmmﬂg. | !
MPC Controller:1 —_— \
- RIPTION
lateral_deviation — BESCRIETIO A
relative_yaw_angle JE— Double-click to edit "
Watchdog Braking Co.. —ee ~MATLAB FIGURES
Gree s~ ve scenario_LFACC_02_Curve_AutoRetarg
« | NAME et
« Simulation Test Result Information
PROPERTY WALLE s Result Type: Test Case Result
Name [E) scenario_LFACC_03 Curve St . ~ Spacing Control Performance Parent: Test Scenarios
Start Time: 23-Mar-2020 17:51:03
Status 1e Lateral Control Performance End Time: 23Mar-2020 17:53:12
Start Time 03/23/2020 17:63:14 = - - Outcome: Passed
Vision Perception algorithm performance
End Time 0372372020 17:56:26 ° Test Case Information
Lane Followin
Type Simulation Test g Plot
Test File Location D:wserpathiwork Exampies\R2020.
Model HighwaylaneFollowingTestBench
Simulation Mode nomal
Test Case Definition _
Tane gL

5] ﬂ B LaneFollowingTestResul X

« 2> 0O @ @  filey//D:

* kLB -
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% LaneFollowingDecisionLogicAndController - Simulink = a X R N l_’ N N
S ﬂ 1¢FT‘H SIL ﬁ‘wﬁﬁ
: B L FN T I
] @ & e L1_$j lBOpenﬂepon v # | <
Embedded Quick | C/C++ Code Smmqs LaneFollowingDecisionLogicAndController Build W"‘i&a&nmb{mhhgl\nng Verify | Share
CesCode v Start Advisor ¥ - | Code | Codev | ~ - I-" I E
OUTPUT | ASSISTANCE PREPARE GENERATE CODE RESULTS VERIEY | SHARE = /)N -l,
i w» % Lanef ollowingDecisionLogicAndController Code " x i
% © B sl & & LaneFollowingDecisionLogicAndControllerh v Q Searct | 2
§ : LaneFollowingDecisionLogicAndController_GetCAPIStaticMap E
[ e
e - // Class declarat.:lon for model LaneFollowingDecisionLogic/ Automate TeStI nq for
59 [=] class PathFollowingControllerRefMd1lModelClass {
g [ S N 6 // public data and function members . .
P o
Highway Lane Following
Smgrogn) 2T 62 // Block signals and states (default storage) for systen
iy [ 2] Automated Driving Toolbox™
o — 64 real32_T Delay_4_DSTATE; // '<S1>/Delay’
- Rt 65 real32_T Delay_3_DSTATE; // '<S1>/Delay’ . . TM
S 66 real32_T Delay_2_DSTATE; 11 *<s1>/Delay’ Model Predictive Control Toolbox
67 real32_T Delay_1_DSTATE; // '<S1>/Delay"’
2 C o i e arne 68 } 1fdlacDW_EstimateLaneCenter_T; S' I' k T TM
— | : Imulink Test
4 - eter voooh
i i 70 // Block signals and states (default storage) for systen
- . . .
=1 ~f=== | 1B typedef struct { Simulink Requirements™
e 72 1fdlacDW_EstimateLaneCenter_T EstimatelaneCenter;// '<
PR —— 73 real_T LaneFollowingController_ol; // '<Root>/Lane Fol S I k C ™™
- 74 real_T relative_distance; // '<Root>/Find Lee Im u In Ove rage
75 real T relative_velocity; // '<Root>/Find Le:
» - Ln 56 Col 45
Model Data Editor a
| Ready 72% FixedStepDiscrete
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[Fitter resutts by name or tags, e.g. tags: test Y
NAME sTaTUS
~ Results: 2020-Mar-23 19:17:52 1o
~ & HighwaylL aneFollowingMetricAssessments 100
~ [ Test Scenarios 100

» [£] scenario_LFACC_01_Curve_DecelTarget @
» [ scenario_LFACC_02_Curve_AutoRetarget @
» [£] scenario_LFACC_03_Curve_StopnGo o
» [5) scenario_LFACC_04_Curve_CutinOut °
» (5] scenario_LFACC_05_Curve_CutinOut_Tool @
» [ scenario_LFACC_06_Straight_StopandGol. @

» [5) scenario_LF_01_Straight_Rightlane o
» [5) scenario_LF_02_Straight_LeftLane o
» (5] scenario_LF_03_Curve_LeftLane o
» [ scenario_LF_04_Curve_RightLane ©

« |

PROPERTY VALUE
Name Results: 2020-Mar-23 19:17:52
Status. e

Start Time 0372312020 19:17:58

End Time 03/23/2020 20:28:13

% d ““ E = & Import &

| ¥ COVERAGE FILTERS

Parallel | Report Visualize N @ Bport  Preferences | Help

RESULTS. ENVIRONMENT | RESOURCES Y
Results: 2020-Mar-23 19:17:62 » [\ Start Page  x
» SUMMARY ?
v AGGREGATED COVERAGE RESULTS ?

Create a coverage report from coverage results to justify or exclude missing coverage. The filters and updated coverage values will be displayed with this resul.

ANALYZED MODEL a REPORT SIMMODE COMPLEX] . DECISION EXECUTION FUNCTION FUNCTION CALL +
[ LaneFollowingDecisionl ogicAndController @ siL 31 91% w— 2% w— 00% w—100% —
[ LaneMarkerDetector SiL 1239 74% wm—05% w—03% w— 0% w—
linsolve_grrRiDdd.cop LT 3 100% w—100% w—100% w—100% w—
lusolve_0jtQzk7x.cop s 12 86% wmm— 54% w—100% w—100% w—
mec_calculatehessian_SSQTyEpa.cep L T 24 91% w— 06% —100% w—100% m—
mpc_checkhessian_lidj2Rug.cop ® s 30 19% mes— 30% wme—100% —30% —
mpc_plantupdate_OkNoQpoP.cpp * s 24 100% we—100% —100% w—100% — ;
o+ Add Tests for Missing Coverage 4 Export

("] Scope coverage resuits to linked requirements

NAME

There are no coverage filter files applied

“
ok Add [ Remove 5] Update Test File
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