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Signal des Radwinkels - Peaks des Radwinkels
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https://www.mathworks.com/company/newsletters/articles/automating-the-analysis-of-rf-measurement-data-for-high-performance-computing-cables.html
https://www.mathworks.com/company/newsletters/articles/detecting-oversteering-in-bmw-automobiles-with-machine-learning.html

iZJEl— E" 1|=|"5q%‘f.l:; %EE,%‘:” (éﬁijiiu'l‘/\/}ﬁ'“)
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g@ " Optimization direction i} « rgll,*n J= O-S(t;-kesp) with constraints
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https://www.mathworks.com/content/dam/mathworks/mathworks-dot-com/images/events/matlabexpo/jp/2017/a4-suzuki-predict-improve-drivability-1.pdf
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Find All Peaks
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https://www.mathworks.com/company/newsletters/articles/developing-advanced-emergency-braking-systems-at-scania.html
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= TR R o/\aiTEE’ﬁEFE%E%I\
cellfun dataSelected = data(abs(data.BrakePedalPosition)>criteria)
arrayfun %/ INEHE B HE PR
rowfun [AEBResult] = arrayfun(@(x)SetParameterforModelandSim(x,

- structhun MDL), dataSelected) ;
W*Efjiiduce AR AR B SRS 3 47 0 20 7Emapsb 3B/ N R AR RE 22 51 P
outdsAEB = mapreduce (ds, @mapAEBfun, @reduceAEBfun) ;

Tall Array

API for Spark
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validatedflag, newStart] = arrayfun{8(xl, x2)Filterclutchon(xl, 42, ... if sum{diff (vehiclespead{istart: istop) )0} * O
2), istart, istop) — validatedflag = False
clutchonstatT clutchonstatT; data{newStart { isnan (newStart) ), :3]; else
d i allpeaks, locs, | findpeaks (-enginerpaiiztart-istop)

enginerpm, data, ems_vehiclespeed Value . a

additional index cell2mat (arrayfun (@(x, v) [x=d:x+d; yeones (1, 2ed+1)]", ...

newatart | 1snaninewatart)),...

[ClutehonNum: ClutchonNum# length (newStart (T isnan (newStart) ))-11", ... validatedflag = falze
| hitput , false)) ;
Clutchon¥um = ClutchonNum# length(newStart (" {snan{newStart))) ; slop Up
Ttemp = data(additionalindex(:, 1), :): : : | “i” |
stedf1a

Ttemp, RBange = additionalindex(:, 2} ;

additionalelutehonT = [additionalelutehonT; Ttemp] ;
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“ol | o3 1t - .l : | (AR or ARMA) model

Foa M 1 Eg&‘/ &1ﬁﬂ_ 1 enlarx — Model nonlinear behavior
£l y(t) = k(t)u(t) + b(t) + e(t) o e we @ mo @ @ e =e we  USING dynamic nonlinearity estimators
. srecursiveARX and recursiveAR ---

[k(t) b(t)] [u(t) 1]T + e(t) a”‘-:’ W ] recursive estimators
= H(t)x(t) + e(t) | WWW | sunscentedKalmanFilter, extendedKal
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https://localhost:31521/static/help/ident/ref/ssest.html
https://localhost:31521/static/help/ident/ref/arx.html
https://localhost:31521/static/help/ident/ref/armax.html
https://localhost:31521/static/help/ident/ref/ar.html
https://localhost:31521/static/help/ident/ref/nlarx.html
https://localhost:31521/static/help/ident/ref/recursivearx.html
https://localhost:31521/static/help/ident/ref/recursivear.html
https://localhost:31521/static/help/ident/ref/unscentedkalmanfilter.html
https://localhost:31521/static/help/ident/ref/extendedkalmanfilter.html
https://localhost:31521/static/help/ident/ref/particlefilter.html
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Dimensionality Reduction and Feature Extraction

= Feature Selection = Feature Extraction

fscchi2 Univariate feature ranking for classification using chi-square tests rica Feature extraction by using reconstruction ICA
fscmrmr Rank features for classification using minimum redundancy sparsefilt Feature extraction by using sparse filtering

maximum relevance (MRMR) algorithm transform Transform predictors into extracted features
fscnca Feature selection using neighborhood component analysis for

classification
fsrftest Univariate feature ranking for regression using F-tests C d C 1 I C I .
fsrnca Feature selection using neighborhood component analysis for - P A an an O n I C a 0 r re a'tl O n

regression

fsulaplacian Rank features for unsupervised learning using Laplacian scores u Fa_C t O r A n al yS I S
plotPartialDependence Create partial dependence plot (PDP) and individual conditional

expectation (ICE) plots ] MUItldlmenS|ona| Scallng

oobPermutedPredictorimpo Predictor importance estimates by permutation of out-of-bag

rtance predictor observations for random forest of classification trees
oobPermutedPredictorlmpo Predictor importance estimates by permutation of out-of-bag n amm
rtance predictor observations for random forest of regression trees
predictorlmportance Estimates of predictor importance for classification tree
predictorimportance Estimates of predictor importance for classification ensemble of
decision trees
predictorimportance Estimates of predictor importance for regression tree
predictorimportance Estimates of predictor importance for regression ensemble
relieff Rank importance of predictors using ReliefF or RReliefF algorithm
sequentialfs Sequential feature selection using custom criterion
stepwiselm Perform stepwise regression
stepwiseglm Create generalized linear regression model by stepwise regression ||nk to help
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https://localhost:31521/static/help/stats/fscchi2.html
https://localhost:31521/static/help/stats/fscmrmr.html
https://localhost:31521/static/help/stats/fscnca.html
https://localhost:31521/static/help/stats/fsrftest.html
https://localhost:31521/static/help/stats/fsrnca.html
https://localhost:31521/static/help/stats/fsulaplacian.html
https://localhost:31521/static/help/stats/regressiontree.plotpartialdependence.html
https://localhost:31521/static/help/stats/classificationbaggedensemble.oobpermutedpredictorimportance.html
https://localhost:31521/static/help/stats/regressionbaggedensemble.oobpermutedpredictorimportance.html
https://localhost:31521/static/help/stats/compactclassificationtree.predictorimportance.html
https://localhost:31521/static/help/stats/compactclassificationensemble.predictorimportance.html
https://localhost:31521/static/help/stats/compactregressiontree.predictorimportance.html
https://localhost:31521/static/help/stats/compactregressionensemble.predictorimportance.html
https://localhost:31521/static/help/stats/relieff.html
https://localhost:31521/static/help/stats/sequentialfs.html
https://localhost:31521/static/help/stats/stepwiselm.html
https://localhost:31521/static/help/stats/stepwiseglm.html
https://localhost:31521/static/help/stats/rica.html
https://localhost:31521/static/help/stats/sparsefilt.html
https://localhost:31521/static/help/stats/reconstructionica.transform.html
https://www.mathworks.com/help/releases/R2020a/stats/dimensionality-reduction.html?s_tid=CRUX_lftnav
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